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ngef Choices

Type

[0, 10] Integer

{Aug.NA, PPR(e = 0.1), PPR(a = 0.2), PPR(a = 0.3), Triangle. IA} Categorical

{None, Mean, Max, Concatenate, Weighted, Adaptive} Categorical
[1, 10] Integer
[0, 10] Integer

{Aug.NA, PPR(a = 0.1), PPR(a = 0.2), PPR(a = 0.3), Triangle. IA} Categorical

TTEANRERNZEF

Models Pre-processing Model training Post-processing
GApre MA Kirans GApost
SGC Aug. NA None 1 /
SIGN Optional Concatenate 1 /
S:GC PPR Mean 1 /
GBP Aug.NA Weighted > 2 /
PASca-APPNP / / >2 PPR
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~ #Classes #Train/Val/Test Task type Description
“ﬁ- J ',!" 140500/ 1000 Transductive citation network "
R . 6 120/500/1000 Transductive citation network
,:?"I" 44 338 3 60/500/1000 Transductive citation network
b 245,778 10 200/300/12881 Transductive  co-purchase graph
119,043 8 160/240/7,087 Transductive  co-purchase graph
61,859,140 47 195922/489811/204126  Transductive co-purchase network ‘ B
81,894 15 300/450/17,583 Transductive  co-authorship graph R ¢ g ! (|
247 962 5 100/150/34.243 Transductive  co-authorship graph
R 800 T56 7 44,625/22,312/22,312 Inductive image network
11,606,919 41 155,310/23,297/54,358 Inductive social network
1,434,382 253 5,000/10,000/30,000 Transductive user-video graph

. PaScalfZH! skt REEISRITIANE AEHEE S 2 Htradeoff, |
- JERLENIBCIEENE EEHIFTI LG, }é ..

2022 cCcF

¥ %

202256 H9-118

22



p»'”jwﬁﬁﬁfp

’I? [ R
.' . |
l Hl ¥

SAP 7 PaScaifa [S£HIAPPNP
”' L”’JQraphSAGE

1

E

| Tl
S

T RINMELLFH B BN

i

E1:0))1): = AR

[_ |

‘EY

41
—a— [deal
—+— PASCA-APPNP i
G § o GraphSAGE :
g | :
=5 |
] |
e 21
| TR |
1 . ; : 1 ’ : ] ] vy
2 4 6 8 2 - 6 8 #2022 ccr Wk~
#Workers #Workers } i # %
# n 0t
Reddit (>230K Ogbn-prOdUCt (>2.4M B 2022¢5ﬁ9_11g:
nodes) nodes) KAE_AR'S



oy

_ ves (fXRIERZE)
IERUIRAOTSERERME 1R Bin 2 [Airadeof v
ST TS (B85 7 HPaSca-V 2 B K ASTIATED.
HILEERGBP[1], — > SOTA AT R

Ak

i

!

s i
i <

0 rdal B
W B
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Models Pre-processing Model training | Post-processing
G‘q-pre MA Kpre Kirans GApasr Kpﬂs!
PaSca-V1 | PPR{z = 0.1) Weighted 3 2 ! !
E PaSca-V2 Aug NA Adaptive [ 2 J !
PaSca-V3 Aug NA Adaptive 6 3 FPR{x=0.3) 4
4 I SIGN
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i PASCA-V1 o }
0.15 0.16 0.17 0.18 0.19 ﬂ

Classification Error

[1 1Chen M, Wei Z, Ding B, et al. 2020. Scalable graph neural networks via bidirectional propagation[J].In * rh@
NeurlPS. 24
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Amazon Amazon Coauthor Coauthor
R ed Computer Photo CS Physics Tugesre

s 70.8+0.5
. 72.5+07
- 70.7+0.7
. 70.8+0.7

79.3+£0.7 82.4+0.4 91.240.6 90.7+0.2 92.7+1.1 45.9+0.4
79.0£0.3 80.1+0.6 90.8+1.0 87.410.2 90.2+1.4 46.8+0.7
78.8+0.7 82.0+0.6 91.9+0.7 89.5+0.6 92.5+£0.4 47.21+0.3
78.3+£0.6 81.1+0.7 91.3+0.9 87.9+0.6 92.2+1.5 46.8+0.5

71.8+0.5

83.4+0.3 71.3+0.5

80.1+0.2 81.7+0.3 91.4+0.3 92.1+0.4 92.8+0.9 46.7+0.6
79.7+£0.3 83.7+0.6 92.1+0.3 91.6+0.7 93.1+0.9 46.9+0.7

81.0+0.2 71.3+0.5
SIGN 82.1+0.3 72.4+0.8

$2GC 82.740.3  73.0+0.2

SGAP GBP 83.9+0.7  72.9+0.5
PASCA-V1 83.4+05 72.2+0.5
PASCA-V2 84.4+03 73.1+0.3
PASCA-V3 84.6+0.6 73.4+0.5

78.9+0.5 82.2+0.9 91.6+0.7 90.3+0.5 91.7+1.1 45.2+0.3
79.5+0.5 83.1+0.8 91.7+0.7 91.9+0.3 92.8+0.8 46.3+0.5
79.9+0.3 83.1+£0.7 91.6+0.6 91.6+0.6 93.1+£0.8 45.9+0.4
80.6+0.4 83.5+£0.8 92.1+0.8 92.310.4 93.3+0.7 47.1+0.6
80.5+0.4 83.7+0.7 92.1+0.7 91.9+0.3 93.2+0.6 46.3+0.4 }
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Leaderboard for ogbn-mag -

The classification accuracy on the test and validation sets. The higher, the better.

Package: >=1.2.1
Test Validation

Rank Methad Accuracy Azourasy Conftact References #Params Hardware Date

HARS-GAMLP+RLY 05390 = 0.5702 & 0008 Wentso Thang (PELU Paper, 6,734 82 Tesla V100 (32G8) Aug 19,
Qo7 Tencent Joint Lab ; 2020
(O (P (™ igiflAngel GraphEZIPARIFIGNN&R3EHEEOGBIH R4
A4 - ! OGB
Peking Lindwersiny Peking Universil) Fe Tencent ity B%H:Lj(ﬁﬁ ; : ; 1 : ; ) : B - E Z:'. J i

https://www2022.thewebconf.org/awards/
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’I:' %Eab_.lﬁﬁﬂﬂﬁi)‘(Neu rIPS 2021 Ei@Z%“Spothght Eﬁaﬁi” (§H2$ <3%)
a New Paradigm and System to Build Scalable Graph Neural Network ( CCF A, £—{E&, ﬁ‘é

.‘ on Multi-Layer Perceptron ( CCF A, F—E&) . R
!.i-ricél Study of Deep Graph Neural Networks ( CCF A, F—E&) - W
R Reception-aware Online Distillation for Sparse Graphs ( CCF A, F—{E&)

( i ?-;ALG Fast and Accurate Active Learning Framework for Graph Convolutional Networks (CCF A, B—{E&)

'.-’.l i By

-1820] Rehable Data Distillation on Graph Convolutional Network ( CEFA, F—1EH)

PHIERR

i -8. [ICDE 2020] Efﬁ01ent Dlver51ty -Driven Ensemble for Deep Neural Networks ( CCF A, F—{E&)

o, [ICLR 2022] Information Gain Propagation : a New Way to Graph Active Learning with Soft Labels (ML=AK&<Z—, B—E&)
10.[ICML 2022] NAFS: A Simple yet Tough-to-beat Baseline for Graph Representation Learning. ( CCF A, F—{E&)
11.[ICML 2022] Deep and Flexible Graph Neural Architecture Search. ( CCF A, F—{E&)
12.[NeurIPS 2021] Node Dependent Local Smoothing for Scalable Graph Learning ( CCF A, 5—{E&, Spotlightig3) / ﬂ 102 2 CCE
13.[NeurIPS 2021] RIM : Reliable Influence-based Active Learning on Graphs ( CCF A, S5—{E&, SpotlightitX) }, @ # #

14.[SCIS 2020] Snapshot Boosting : A Fast Ensemble Framework for Deep Neural Networks ( CCF B, 8—{F#&) e
15. B HFIR] BIRA R ZND M SZI (3 CCF A, F—EE) AThE_AR'S



L.

et al. Lasagne : A Multi-Layer Graph Convolutional Network Framework via Node-aware Dee; ' !

o Eal
,' Zhang®, ..., Shuai Zhang, Yujie Wang, Bin Cui, Ce Zhang. DeGNN: Characterizing and Improving Grap

Il

, Wentao Zhang, Xupeng Miao, Liang Wang, Yu He, Zhi Yang, Bin Cui. Zoomer : Improving and Accelerating Recommendation m* ) €
; T
m \ Zhang, Jixiang Li, Ji Liu, Ce Zhang, Bin Cui. Hyper-Tune : Towards Efficient Hyper-parameter Tuning at Scale. (CCF A).

S Wentao ‘Wu, Ce Zhang, Bin Cui. VolcanoML : Speeding up End-to-End AutoML via Scalable Search Space. International Conference on Very Large Data Bases. (CCF A).

02 | Wi uanxing Zhang, Wentao Zhang, Kaigui Bian, Bin Cui. Enhanced review-based rating prediction by exploiting aside information and user influence. Knowledge Based System (JCR Q1, I[F=8.038).
12. [VLE lﬂ’f‘ﬁﬁ Yu Shen, Wentao Zhang, Ce Zhang, Bin Cui. VolcanoML : Speeding up End-to-End AutoML via Scalable Search Space. International Conference on Very Large Data Bases. (CCF A).

13. [ACM SAC 2022] Shicheng Gao, Jie Xu, Xiaosen Li, Fangcheng Fu, Wentao Zhang, Wen Ouyang, Yangyu Tao and Bin Cui. K-Core Decomposition on Super Large Graphs with Limited Resources.

14. [Bioinformatics 2022] Yang Bai, Yang Li, Yu Shen, Mingyu Yang, Wentao Zhang, Bin Cui. AutoDC: an Automatic Machine Learning Framework for Disease Classification. (CCF B).
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